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Extending OIC modeling to improve revenue 

forecasting through quota optimization

An Oracle Incentive Compensation and Crystal Ball integrated demo



Let’s look at how we can perform quota adjustment modeling and what if 

scenarios, and also use the same model to manage realignment during 

the year to account for year to date data.

In our example, we have 20 employees, each with a current target of 

$1,68M.  We could have different targets, but for simplicity-sake in a brief 

demo, we’re keeping them the same.

Our objective is to optimally set the target to maximize net revenue.  There 

are many ways we could model this and perform the optimization, but 

we’re keeping it simple for this demonstration. 

We know a couple of additional things:

1- We have historical attainment data that we’d like to use in our model

2- We know there’s uncertainty in our model assumptions, like sales 

potential and future attainment – we need to capture that uncertainty in 

our model inputs

3- if we set the target too high, we’re likely to increase employee turnover 

and that leads to extra costs



Let’s take a few minutes and answer three questions:

1- If I leave my target as is, how likely am I to meet my revenue forecast

2- Where should I set my target to maximize revenue (these first two are the quota 

adjustment modeling and what if scenarios)

3- How would I use the model throughout the year, as YTD data becomes known.



First, let’s use our historical attainment data to create model input for each employee, to 

forecast what their future attainment could be, given their past performance.  We can see in 

the historical data that there’s a lot of variability around the attainment numbers.  So when 

forecasting future attainment percentages, we want to include that variability, or those 

possible ranges of numbers.  

When we describe each employee’s forecasted attainment as a range of numbers, we 

account for all the possible “what ifs” – what if Pat Williams % attainment is higher, what if 

Susan Walker’s lower, etc.

The software has multiple ways to use historical data to create variable inputs. Plus it has the 

advantage that if you didn’t have relevant historical data, you could still use certain 

techniques to set up your variable inputs.

That’s one of the benefits – you can do this either with, or without data, or any combination.



In this case, we’re going to use a tool called Batch Fit, which lets us crunch through multiple 

series of data at once and outputs the value and associated range (what we call a distribution 

or assumption) for each one.

We’ve already run this, so let’s have a look at the output 



The software automatically chooses the right shape based on what the historical data looked 

like, and picks the right parameters. For Pat Williams, we see that we can expect him to 

reach 120%, but with some uncertainty around that number.  It could be a little higher, or a 

little lower.



Now let’s have a look at our optimization model and how we can answer our first two 

questions 

How likely are we to achieve our revenue forecast

Where should we set quota target to maximize that revenue

The first step is defining the variability around our model inputs.  We’ve already done that for 

attainment percentages.  We can also capture that variability around other inputs, like 

turnover.



What we’re modeling here is the likelihood of Pat Williams leaving.  This varies according to 

our Turnover table.  If we set the quota too high, there’s a much higher probability that Pat will 

leave, thus incurring those turnover costs.  This distribution shape, a yes-no distribution, is 

very commonly used for just this type of what if modeling.



Once we’ve defined all our variable inputs, and before changing the quota, let’s do a quick 

sanity check on how much risk we have around our revenue forecast.  If we have a high 

likelihood of meeting our forecast, maybe we don’t need to change anything.  So let’s answer 

that first question – how certain are we of meeting our 2009 Net Revenue Forecast of 

$33,750,000.



What we’ve just done in a few seconds is run a thousand different what if trials .  We 

automatically varied all the inputs and calculated what the corresponding outputs would be, 

and then we charted this.  For example, maybe one of the trials had Pat Williams at 102% 

and staying with the company, so no turnover costs.  Another trial might have him at 87% of 

quota and leaving, thus incurring costs and lowering Net Revenue. We can also call this a 

simulation, because we’re trying out, or simulating, different possible futures.

It would be just about impossible to do this modeling manually, but the software makes it 

quick and easy.  Let’s look at the output chart to answer our question.



Now we answer that first question – and the answer is that in this case, there’s virtually no 

possibility that our revenue will meet or exceed our forecast.

So, we do need to adjust the quota to have a better likelihood of reaching our goal.  In other 

words, we need to mitigate that risk.



So now we want to adjust our quota to improve the likelihood of reaching our goal.  We’ll 

define that target as what we call a Decision Variable.  That’s an input that we do control, as 

opposed to, say, Pat’s sales for next year, which we don’t really control.

We easily tell the software what parameters to use for the optimization.  We could have 

multiple decision variables but to keep it simple, we’re only doing one. We’ve also chosen for 

this example to vary the number in steps of $10,000, but again, that can be defined however 

we want to it be.

The software is as flexible as you need it to be to model this according to your business 

requirements.



Here, what we want to do is maximize revenue.  So basically we’re telling the software: go 

find me the best quota target number such that my net revenue (which accounts for those 

turnover costs) is maximized, and account for all the variability in my inputs.

Again, because of the software’s flexibility, we could add any number of requirements and 

constraints to the optimization.  What’s going to happen when I hit that run button, is a lot of 

powerful math! 



What we’re doing now is 

another type of what if modeling, 

called an optimization.  This 

time, we’re “what iffing” the 

decision variable, running a 

complete simulation and looking 

at the result.  You can see the 

yellow cell change in the 

spreadsheet.  Each time, the 

software is “testing” a different 

target to see if it leads to better 

results.

You can view the progress of 

the optimization on the 

performance chart while it runs.  

Here we can see that after 

about the fifth scenario, we 

seem to have found the best 

quota number. But since it only 

takes a few moments, we’re 

going to let the software 

enumerate the entire solution 

space. 



The software 

automatically copies the 

best solution – a target of 

$2,287,500 into the 

spreadsheet, and 

recalculates that risk we 

were concerned about 

earlier, i.e. the certainty 

of reaching our revenue 

goal.

Now we can see that the 

quota adjustment does 

indeed decrease that 

risk.  We’re now over 

85% certain of reaching 

our goal.



Because of the ease of batch fitting to use historical data to create variable model inputs, it 

becomes quite simple to just re-use the model as often as needed and include in the new 

YTD data.  You can keep the older data, do a rolling 12-month period, whatever you want. 



Finally, the results of the optimization can be uploaded to OIC 

tables.



• By quickly setting up and running an optimization on 

quota levels, we’ve dramatically increase our certainty 

of reaching and exceeding our goals.
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